Condensed Matter Physics, 2004, Vol. 7, No. 2(38), pp. 421–434

Effects of frustration on the kinetics of helix formation in alanine polypeptides

A.Baumketner^{∗ 1,2} , J.-E.Shea^2

1 Institute for Condensed Matter Physics of the National Academy of Sciences of Ukraine, 1 Svientsitskii Str., 79011 Lviv, Ukraine 2 Department of Chemistry and Biochemistry, University of California at Santa Barbara, Santa Barbara, California 93106

Received March 24, 2004

The folding kinetics of a seven-residue long alanine polypeptide are investigated using a fully atomic protein model and molecular dynamics simulations. The peptide adopts helical conformations in the native state when simulated in two different implicit solvents: a model with a distance dependent dielectric constant and the generalized Born (GB) model. Although the two solvation models correctly predict the native state of the peptide, they lead to distinct folding kinetics. The model in which the dielectric constant is distance-dependent produces much broader distributions of the first passage time, as measured by the intermittency ratio, than the generalized Born model. In addition, the conformational diffusion search folding mechanism, introduced earlier to study the folding kinetics of helical peptides in explicit solvent, is seen to describe more closely the folding kinetics of the GB model than of the distance-dependent dielectric constant model. Based on these observations, we argue that the implicit solvent model that treats the dielectric constant as dependent on interatomic distances introduces excessive amounts of frustration into the underlying potential energy landscape and is thus far less suitable for modelling the kinetics of protein folding than the more sophisticated GB implicit solvent.

Key words: folding kinetics, computer simulation, implicit solvation

PACS: 87.15.Cc

1. Introduction

Proteins are in general only capable of carrying out their biological functions once they have adopted their specific folded native state. Predicting which conformations are populated in the native state by a given protein under physiological conditions is

∗E-mail: andrij@icmp.lviv.ua

© A.Baumketner, J.-E.Shea 421

an important aspect of the protein folding problem. However, in order to be functional, proteins need not only to reach their thermodynamic ground state, but they must do so quickly, on biologically relevant time scales. How rapidly a given protein can fold constitutes the second, equally important, component of the folding problem.

In recent years, considerable experimental efforts [1–4] have been directed toward studying the kinetics of protein folding kinetics focusing in particular on determining the upper speed limit of folding reactions. From a theoretical perspective, the folding kinetics of a given model are intimately linked to the underlying potential energy surface (PES). The topology of the energy surface is key to defining the nature of the resulting kinetics. For instance, potential energy surfaces with multiple local minima (frustrated surfaces), give rise to slow relaxation phenomena since the minima can act as kinetic traps that slow down the folding reaction. The observation that most proteins reach their native states on relatively short time scales led to the development of the principle of minimum frustration [5,6]. This principle postulates that the amino-acid sequences of proteins, in contrast to those of random heteropolymers, have been evolutionary selected in such a way that conflicts among different types of interactions existing in a protein are relieved (or minimized) in the native state conformation. In other words, the native state conformation serves as the global minimum for all the interactions occuring in a protein. As a consequence, the energy landscape of a fast-folding protein satisfying the principle of minimal frustration resembles a funnel with the native state located at the bottom. The degree of frustration present in an energy landscape of a model protein, or how strongly this energy landscape deviates from the prototypical funnel image, can be used to gauge the success of the model at reproducing the properties of real proteins.

Among other methods, the amount of frustration in an energy surface can be quantified by the thermodynamic ratio R of the folding temperature T_f to the glass transition temperature T_g. Models with R > 1 are classified as fast folders while those with R < 1 are slow folders, characteristic of frustrated energy surfaces. Despite its utility as a parameter for quantitatively characterizing the degree of frustration of potential energy surfaces, the ratio R has not found widespread applications due to numerical difficulties associated with evaluating T_g. Only very recently has it become possible to evaluate this quantity from computer simulations of glass-forming liquids [7–9] and minimalist protein models [10]. To the best of our knowledge, however, the computational burden associated with these types of simulations has prevented systematic studies of T_g for more realistic, fully atomic models of proteins.

Another approach that can be used to determine the amount of frustration in a protein model is to study its folding kinetics. Most short peptides and proteins (up to 100 residues long) follow the rule of the thumb that the folding kinetics are single exponential [11]. There are however exceptions to this rule, most notably when the protein is considered at low temperatures. Non-exponential kinetics akin to those observed in glassy materials [12] have been reported for a number of proteins [13, 14]. The increasing broadening of the kinetic distributions at low temperatures is indicative of the underlying slow dynamical processes governed by trapping in local potential energy minima. As suggested by Wang on the basis of the random energy model [15], the kinetic distributions under such conditions may even lead to a Lévytype distribution [16], as a limiting case. The relationship between the amount of frustration on an energy landscape and the resulting kinetic distributions can serve as an important tool for characterizing protein models and evaluating their quality. Quantitatively, the intermittency ratio, or the ratio of higher moments of the folding time distribution functions to their first moment (mean value), can be used as a measure to carry out such characterizations with regard to the broadness of the distributions [17,15].

In the present work, the folding kinetics of an alanine heptapeptide are studied using an atomistic model of the peptide and molecular dynamics simulations. The kinetics simulations are carried out by using two implicit solvation methods. In one of them the presence of water molecules is modeled through distance-dependent dielectric constant e = r [18]. For brevity we will refer to this model as the distance dependent solvent throughout the paper. The second solvation method employed is the generalized Born (GB) model [19,20]. Both models take into account the electrostatic part of the solvation free energy and are widely used in the literature. By using the replica-exchange molecular dynamics method [21] we found that the ground state of the studied peptide is an α-helical conformation. This is in a good agreement with previous work on alanine polypeptides [22]. In long canonical-ensemble simulations, repeated folding and unfolding events into and from the native state were observed and monitored as a function of temperature. The recorded folding times were compiled into distributions and analysed. The analysis of these distributions reveals that the two solvation models behave differently as far as the folding kinetics are concerned. The GB model exhibits narrow distributions of folding times that can be successfully fitted by bi-exponential expressions through the whole range of temperatures studied, including above and below the folding temperature T_f . The intermittency ratios for the first three moments in the GB model never reach values higher than one hundred. The distance dependent solvent, on the other hand, produces single- or double-exponential kinetics at high temperatures only, i.e., temperatures at which the stability of the native state is negligible. At lower temperatures the distributions of the folding time broaden in shape and acquire broad tails indicating the onset of slow dynamics. In support of this observation, the intermittency ratios calculated for this model are seen to vary widely from a value of two at high temperatures to milions of bilions at lower T s. The qualitatively different types of folding kinetics observed for the two implicit solvation models led us to conclude that the models differ significantly in their degree of frustration. We argue that the GB model produces reduced amounts of frustration compared to its distance dependent counterpart and is thus a more suitable model for kinetics simulations of proteins and peptides.

In this work we also tested how well the conformational diffusion search mechanism of folding can describe the folding kinetics for the solvation models studied in this paper. Earlier work on explicit solvent simulations indicated that the conformational diffusion search mechanism adequately described the folding kinetics of alanine peptides [22]. The conformational diffusion mechanism depicts folding as

Brownian motion along a selected reaction coordinate [6,23]. Folding within this model can be predicted theoretically from two elements a) the free energy profiles along the reaction coordinate and b) the configurational diffusion constant. Both of these quantities are readily obtainable from computer simulations [24]. We used the root mean-square deviation (RMSD) of a given conformation from the helical native state as the progress reaction coordinate and evaluated the folding time theoretically for the two solvation models as a function of temperature. We find that the GB model produces much better agreement between the theoretical folding time and the folding time evaluated directly from computer simulations than does the distance dependent solvation model. For the distance dependent model it was not possible to estimate folding times theoretically at low temperatures at which the native state is expected to be stable. At higher temperatures where such estimates were successful, the theoretical folding time was found to be five to six times longer than the folding time computed directly from simulations. This contrasts with the simulations performed for the GB model which agree with up to a three-fold accuracy with the theoretical folding times for the whole range of temperatures studied.

The paper is organized as follows. In section 2 we describe the all-atom model of the polyalanine heptapeptide and provide details of the simulations. Our main results concerning the folding kinetics are presented in section 3 and conclusions in section 4.

2. Methods and models

In order to investigate the folding kinetics of short helical peptides we study an alanine heptapeptide as a model system. Polyalanines have been studied for years both experimentally [25] and theoretically [26–29,22] as a test bed system for the coil-to-helix transition. Here we consider a seven-residue long peptide with the amino acid sequence Ace-(Ala)_7-Nme. We use the united atom CHARMM PARAM19 force field [30] in which some of the hydrogen atoms are absorbed into the nearest heavy atom and some are treated explicitly. No cutoff distances are applied for long-range van der Waals and Coulomb interactions.

2.1. Continuum solvation methods

The solvations effects in the present study are taken into account through two different models: a) the model in which the dielectric constant is assumed to be proportional to the interatomic distances ϵ = r [18] and b) the generalized Born solvation model [19,20]. The use of implicit solvation methods is motivated by computational limitations: systematic simulations of peptides with explicit water molecules are numerically prohibitive [22]. Implicit solvents present an important alternative for simulations of proteins, especially when folding kinetics are of interest. The theory of continuum solvation is now reaching the stage where direct comparisons of both folding thermodynamics and kinetics with experiments is becoming feasible [31]. The models considered in this study fall into two extremes of the wide spectrum of implicit solvents available for protein simulations [32]. On one extreme lies the distance-dependent dielectric model. The model is a computationally efficient, albeit simplistic in its way of accounting for solvation effects. It produced some encouraging results in the early days of molecular simulations [18] and due to its simplicity, has been widely used in the literature ever since [33,34]. On the other extreme is the generalized Born (GB) model which belongs to the category of highly sophisticated continuum solvation methods. It was designed to accurately reproduce the electrostatic part of the solvation free energy [19,20] of large solute molecules in aqueous solutions. For a number of peptides and proteins the GB model has been shown to predict the native state with a high accuracy of RMSD = 3 Å or less [35]. Parametrizations of the particular GB implementation used in the present study exist for organic molecules [36] as well as for proteins and nucleic acids [20].

Figure 1. Native α-helical state of the polyalanine heptapeptide studied in the present work.

We employed the replica-exchange molecular dynamics method [21] in order to determine the native state of our peptide under the two solvation conditions. Specifically, we used the implementation of the method introduced by Brooks et al. [37]. The simulations were carried out for 5 replicas taken at temperatures T = 200, 263, 346, 456 and 600 K over a 10 ns time period. As judged from the convergence of the potential energy and the RMS deviations from the helical state, sufficient equilibration occured over the course of the simulations allowing us to determine statistical averages as a function of temperature. We identified the native state of the peptide as the lowest energy conformation visited during the simulations. We found that this conformation is an α helix in both solvation models. A snapshot of the native state is shown in figure 1. Characteristic for α helices patterns of hydrogen bonds, formed between hydrogens of residue i and oxygens of residue i + 4, are readily seen in the figure. The energy of the native state within the distance-dependent dielectric model is −94.6 kCal/mol and that predicted by the GB solvation scheme is −291.5 kCal/mol. The values of the seven backbone (ϕ, ψ) dihedral angles of the native state differ slightly between two solvation models considered here but are consistent with the values obtained earlier in computer simulations of alanine peptides [22,28]. These values are listed in table 1.

Table 1. The backbone dihedral angles (ϕ, ψ) for the native helical states of the alanine peptide studied here by using the solvation method that treats dielectric constant as distance dependent and the generalized Born model.

Residue # Generalized Born Dist.-dep. dielectric 1 (–51,–57) (–62,–42) 2 (–57,–39) (–63,–32) 3 (–67,–38) (–74,–39) 4 (–63,–40) (–62,–38) 5 (–72,–21) (–65,–39) 6 (–81,–42) (–70,–34) 7 (–76,–34) (–68,–38)

2.2. Details of kinetics simulations

The CHARMM macromolecular modeling package [38] was used to perform all molecular dynamics simulations. For the distance-dependent dielectric model six canonical-ensemble simulations at temperatures T =470, 500, 550, 600, 700, 800 K were carried out using the velocity Verlet algorithm and the Nosé-Hoover [39] thermostat method with the q friction parameter set to 50 ps. A set of eight simulations at temperatures T =250, 280, 320, 350, 400, 450, 500 and 600 K was performed for the GB model. The temperature ranges for both solvent conditions were chosen so that we could test the folding kinetics above and below folding temperature T_f . From our replica-exchange calculations we determined T_f to be 290 K for the GB solvation method. For the distance-dependent dielectric model the data did converge sufficiently to allow an accurate determination of the folding temperature. Therefore, we can only put an estimate for this temperature to be approximately 600 K.

In all our simulations, we employed an integration time step of δt = 1 fs. The time step was chosen such that the conformational statistics of the peptide did not change noticeably when shorter integration time steps were used. The length of the hydrogen-nitrogen bonds (the only bonds involving hydrogen atoms in the present system) was kept constant through the SHAKE algorithm [40]. The lengths of the simulations performed depended on the temperature considered. The longest total simulation time was 7 μs, generated at the lowest temperature T = 470 K considered under the distance-dependent dielectric solvation. At the highest temperature T =

800 K the total physical time reached by the simulations was 0.15 μs. Simulations performed for the generalized Born solvent were all 1 μs long. During the simulations, peptide conformations were stored into a file at a regular time interval of Δt = 400 time steps. We made sure, by running short test simulations, that the average unfolding time is longer than 400 time steps in order not to introduce a bias into the folding kinetics resulting from unaccounted folding events.

3. Results

3.1. Kinetics of folding

Repeated folding and unfolding events were monitored during the course of the simulations using the RMS deviation from the native state as the progress variable of folding. Folding times were determined from the time required by the peptide to reach a conformation with RMS < 0.7 Å , when folding was initiated from a conformation with 3.6 < RMS < 4.2 Å. It should be noted that while an RMS < 1 Å is a standard definition for the native state in simulations of peptides and short proteins, there is no such a standard way of defining what exactly constitutes the unfolded state. Technically speaking, every conformation with RMS > 0.7 Å is unfolded. Unlike the native state which consists of a few similar conformations, the unfolded state can comprise a large set of diverse conformations. This set depends on the environment and is hence specific to the method of denaturation. As was pointed out earlier [41], it makes more sense to speak of ensembles of unfolded states in refolding experiments rather than of individual conformations. In the present work we chose to initiate the folding from conformations that are most frequently visited in simulations performed at high enough temperatures T > T_f such that the peptide can be considered unfolded. Our unfolded state ensemble constructed in this manner thus can be viewed as an ensemble resulting from heat denaturation.

Figure 2. Probability for the peptide to remain unfolded at time τ provided that the folding started at time 0, for simulations performed in a) the distancedependent dielectric solvent and b) the generalized Born implicit solvent.

The sequences of folding times recorded during the simulations were used to construct distributions of the folding time P_f (τ), as well as the probability distribution P (τ) for the protein to remain unfolded at time τ, provided that the folding started at time zero (i.e. the survival probability). The latter is shown for a range of temperatures in figure 2(a) for the distance-dependent dielectric solvent and in figure 2(a) for the generalized Born model. Two features are immediately apparent from figure 2(a). Firstly, at the highest temperature of 800 K, the survival probability P (τ) is determined by a single time scale and can be successfully fitted by a single-exponential function e^{−ατ} . As the temperature decreases, the kinetics begin to split into two different time scales. The probability distributions become strongly non-exponential and can no longer be fitted by simple expressions such as a bi-exponential ϕe^{−ατ} + (1 − ϕ)e^{−βτ} or stretched exponential fe^{−(ατ )β} . Secondly, the range of the relaxation time scales increases almost by two orders of magnitude when the temperature is decreased from 800 to 470 K. The folding kinetics described for the distance-dependent dielectric model are to be compared with the folding kinetics obtained for the GB model, shown in figure 2(b). In contrast to the previous case, we do not see a splitting into two distinct time scales. The kinetics are narrow at all temperatures and can be well reproduced by the bi-exponential expression given above.

Figure 3. Intermittency ratios r_n = ⟨τ^n⟩/⟨τ⟩^n for n = 2, 3, 4 computed from the probability distribution functions of folding time. The data are shown for the two solvation methods studied in this work: open symbols – the solvation model in which the dielectric constant is taken to be proportional to the interatomic distances, solid symbols – the generalized Born model. For the sake of comparison the curves are plotted along temperatures normalized by the folding temperatures T_f specific for each solvation method.

It is clear from a visual inspection of figures 2(a) and (b) that the survival probabilities generated by the distance-dependent dielectric model experience considerably more pronounced broadening at reduced temperatures than in the case of the GB solvent. Folding events taking place at long times become increasingly more relevant at low temperature for the distance-dependent dielectric solvation model. A direct consequence of this are broad tails in the survival distribution functions. Wang and Wolynes [17,15] recently introduced intermittency ratios r_n to quantitatively measure the broadness of statistical distributions. The analysis of these ratios can help us to unambiguously identify the type of the kinetics underlying a statistical model. r_n are defined as the ratios of the n-th moment ⟨τ^n⟩ of the folding time distribution function to its 1-st momemt ⟨τ⟩^n, or the mean folding time, raised to power n. Narrow statistical distributions, such as Gaussians or exponential distributions, have finite r_n ratios on the order of 1. Broadening of the distributions is accompanied by rapid growth of r_n. In the limit of power-law distributions, or socalled Lévy-flight distributions, the intermittency ratios r_n diverge. In figure 3 we present r_n up to the order 4, computed for the alanine heptapeptide using two different solvation methods. For visual convenience the curves are plotted against the scaled temperature T/T_f where the scaling temperatures were determined in replica exchange simulations for each solvent model. It is apparent from the figure that the two solvation methods studied in this paper have quantitatively different folding kinetics. At temperatures T/T_f > 1, where the native state of the peptide is unstable, the folding kinetics produced by both solvent models are narrow, characterized by r_n on the order of 10. As the temperature is reduced, the distributions resulting from GB simulations remain narrow down to the lowest temperature studied. The distance-dependent dielectric constant model, in contrast, produces survival distributions that become increasingly broad as the temperature is lowered. At T ∼ T_f where the peptide spends half of its time in the native state and the other half is unfolded, the intermittency ratio r_2 ∼ 100 is almost two orders of magnitude higher than the equivalent ratio obtained for the GB model. The ratios r_n display trends towards divergence as the temperature is further reduced.

3.2. Conformational diffusion folding mechanism

Within the conformational diffusion model, the folding of a protein is viewed as diffusive motion in the phase space defined by a few selected reaction coordinates. The reaction coordinates are intended to capture the conformational dynamics around both folded and unfolded state ensembles and, more importantly, around the transition state ensemble. The diffusive motion of a protein takes place on the free energy surfaces which represent statistically averaged projections of all the remaining degrees of freedom onto the space of reaction coordinates. Within the conformational diffusion folding model, the time evolution of the probability distribution of a one-dimensional reaction coordinate χ is governed by the Smoluchowski equation [6,42]. Solving this equation for the mean first passage time τ_f , which we will refer to as the folding time, yields:

τ_f = 1 D ∫_{χfol}

χ_{unf} dx ∫_x 0 dyeβ[U(x) − U(y)], (1)

where β = 1/k_BT , D is the configurational diffusion coefficient, χ_{unf} is the value of the reaction coordinate for conformations from unfolded states, and χ_{fol} is this value for the folded ensemble conformations. The quantity U(χ) is the potential energy field in which the motion in the phase space of the reaction coordinate takes place. The potential energy is simply related to P (χ) the distribution function of the reaction coordinate U(χ) = −k_BT log(P (χ)) and thus is readily accessible in computer simulations. In contrast, the conformational diffusion coefficient D in equation (1), is more difficult to evaluate numerically. As we noted earlier [24,43], a convenient way to do so is to consider the Brownian equation of motion for the dynamics of χ:

χ̇(t) = βDF [χ(t)] + δR(t). (2)

Here F [χ(t)] and δR(t) are the regular and stochastic forces exerted on the degree of freedom χ respectively. The regular force results from the potential energy field and is given by the usual expression:

F [χ] = −

∂U(χ) ∂χ . (3)

The stochastic force δR in equation (2) is modeled as a Gaussian noise with zero mean and variance ⟨δR^2⟩ = 2D. δR taken at a moment t is neither correlated with its value at any previous time nor is it correlated with the reaction coordinate χ at any time, including time t. By multiplying equation (2) by χ(0) and taking statistical average we can derive an equation for the time autocorrelation function Φ(t) = ⟨χ(t)χ(0)⟩. Integration of this equation yields an expression for the diffusion constant: βD = −

Φ(+∞) − Φ(0)

∫_∞ 0 Ψ(t)dt = − Δχ ∫_∞ 0 Ψ(t)dt

, (4)

where we defined the time correlation function of the regular force at time t and the reaction coordinate at time zero as Ψ(t) = ⟨F [χ(t)]χ(0)⟩. Equation (4) provides the means to compute configurational diffusion coefficient from the distribution function of the reaction coordinate P (χ) and time evolution of χ(t).

The above expressions were employed to compute the configurational diffusion coefficient and folding time τ_f as a function of temperature for the helical heptapeptide using both solvation methods. The theoretical computations were done by choosing the RMS deviation from the helical native state over alpha carbons as the reaction coordinate of folding χ. In figure 4 the theoretical folding time is compared with the folding time computed directly from simulations. The unfolded state in our calculations (both kinetics simulations and theory) was defined as an ensemble of conformations with RMS ranging from χ_{unf} = 3.6 to 4.2 Å. This choice of the unfolded ensemble is based on the observation (data not shown) that under denaturing conditions at high temperatures the conformations with RMS around 4 Å have the largest statistical weight and are sampled most frequently. Kinetics simulations performed in this work can thus be seen as emulating most closely biological conditions where folding is triggered by heat denaturation. In analyzing the folding trajectories, peptides were taken to be folded when the RMS deviation dropped below 0.7 Å. This same value of RMS deviation was taken to be the folded ensemble boundary χ_{fol} in equation (1).

Figure 4. Folding time computed theoretically from equation (1) and directly from computer simulations for the alanine heptapeptide studied in this work within two continuum solvation methods: (a) the model that assumes that the dielectric constant is proportional to the interatomic distances and (b) the generalized Born implicit solvent. The GB model appears to produce much better agreement with experimental results than the distance-dependent dielectric constant method.

For simulations performed at the three lowest temperatures T = 470, 500 and 550 K for the distance-dependent dielectric solvation model, we were unable to compute the folding time τ theoretically because the time correlation function Ψ(t) would not converge. We attribute this failure to insufficient statistics in our simulations due to slow relaxation. We note that the above temperatures are found in the low-temperature region where folding time starts to rise again after a steep fall at higher temperatures. The conformational dynamics in this regime are dominated by trapping in local potential energy minima which contribute to long relaxation times. At temperatures where theoretical estimates of the folding time were possible we find that the folding time predicted by the conformational diffusion folding model is about 5 times longer than the folding time obtained from folding simulations. The performance of the theory versus simulation observed here is rather poor compared to how exact the same theory was seen to perform for other protein models [23,24]. Folding times obtained in simulations when using the GB solvent model are shown in figure 4(b). In contrast to the distance-dependent dielectric solvation, we see much better agreement between theory and computer simulation. The folding times produced by equation (1) are still considerably longer than the true folding times of the model, but in this case the discrepancy is on the order of 3 which is almost two times smaller than the discrepancy obtained with the other solvation method studied in this work.

4. Conclusions

In this paper we studied the folding kinetics of an alanine heptapeptide using two continuum solvent models: a model which takes into account the electrostatic solvation energy through distance-dependent dielectric constant and the generalized Born model. We find signatures of distinct amounts of frustration underlying these models. The folding time distributions computed for the distance-dependent dielectric constant model are exponential at high temperatures above the folding temperature and acquire broad slowly-decaying tails when the temperature is lowered. The distributions generated for the GB model remain bi-exponential at all temperatures studied, both above and below the folding temperature. Quantitative measurements of the intermittency ratios at varying temperatures support the observation that the distance-dependent dielectric solvent model produces considerably broader folding time distributions than the GB solvation method. We argue that the distinct kinetics behavior of the solvation models is a direct consequence of the amounts of frustration present in their respective energy surfaces. As slow kinetics is a dynamic signature of excessive amounts of frustration we conclude that the distance-dependent dielectric model is more frustrated than its GB counterpart and is thus less suitable for simulations of folding kinetics. Our findings regarding the applicability of the conformational diffusion folding mechanism to the present models are consistent with this conclusion. We find that the folding time calculated theoretically using a diffusion-equation formalism is in much better agreement with the folding time obtained from simulations for the GB model than in the case of the distance-dependent dielectric model.

5. Acknowledgements

We thank Angel García, Jin Wang and Karl Freed for helpful discussions. This work was supported by the NSF Career Award 0133504.

References

1. Hagen S.J., Hofrichter J., Szabo A., Eaton W.A. // Proc. Natl. Acad. Sci. USA, 1996, No. 93, p. 11615.

2. Sadqi M., Lapidus L.J., Muñoz V. // Proc. Natl. Acad. Sci. USA, 2003, No. 100, p. 12117.

3. Chang I.-J., Lee J.C., Winkler J.R., Gray H.B. // Proc. Natl. Acad. Sci. USA, 2003, No. 100, p. 3838.

4. Bieri O. et al. // Proc. Natl. Acad. Sci. USA, 1999, No. 96, p. 9597. 5. Bryngelson J.D., Wolynes P.G. // Proc. Natl. Acad. Sci. USA, 1987, No. 84, p. 7524.

6. Bryngelson J.D., Wolynes P.G. // J. Phys. Chem., 1989, No. 93, p. 6902. 7. Sastry S., Debenedetti P.G., Stillinger F.H. // Nature, 1998, No. 393, p. 554. 8. Coluzzi B., Parisi G., Verrocchio P. // Phys. Rev. Lett., 2000, No. 84, p. 306. 9. Sciortino F., Kob W., Tartaglia P. // Phys. Rev. Lett., 1999, No. 83, p. 3214. 10. Baumketner A., Shea J.-E., Hiwatari Y. // Phys. Rev. E, 2003, No. 67, p. 011912. 11. Pande V.S. // Proc. Natl. Acad. Sci. USA, 2003, No. 100, p. 3555. 12. Götze W., Sjögren L. // Rep. Prog. Phys., 1992, No. 55, p. 241. 13. Iben I.E.T. et al. // Phys. Rev. Lett., 1989, No. 62, p. 1916. 14. Angell C.A. // Science, 1995, No. 267, p. 1924.

15. Lee C.-L., Stell G., Wang J. // J. Chem. Phys., 2003, No. 118, p. 959. 16. Bardou F., J.-P. Bouchaud, Aspect A., Cohen-Tannoudji C. Lévy Statistics and Laser Cooling: how rare Events Bring Atoms to Rest. Cambridge University Press, 2002.

17. Wang J., Wolynes P. // Phys. Rev. Lett. 74, 4317 (1995). 18. Guenot J., Kollman P.A. // Protein Sci., 1992, No. 1, p. 1185. 19. Case D.B., Case D.A. // Annu. Rev. Phys. Chem., 2000, No. 51, p. 129. 20. Dominy B.N., Brooks III C.L. // J. Phys. Chem. B, 1999, No. 103, p. 3765. 21. Sugita Y., Okamoto Y. // Chem. Phys. Lett., 1999, No. 314, p. 141. 22. Hummer G., García A.E., Garde S. // Phys. Rev. Lett., 2000, No. 85, p. 2637. 23. Socci N.D., Onuchic J.N., Wolynes P.G. // J. Chem. Phys., 1996, No. 104, p. 5860. 24. Baumketner A., Hiwatari Y. // Phys. Rev. E, 2002, No. 66, p. 011905. 25. Cleland J.L. Protein Folding: in Vivo and in Vitro. Washington, DC, ACS symposium series, ACS Press, 1993.

26. Wang L., O’Connell T., Tropsha A., Hermans J. // Proc. Natl. Acad. Sci. USA, 1995, No. 92, p. 10924.

27. Huo S., Straub J.E. // Proteins: Str. Func. Gen., 1999, No. 36, p. 249. 28. Klein C.T., Mayer B., Köhler G., Wolschann P. // J. Mol. Struc. (Theochem), 1996, No. 370, p. 33.

29. Levy Y., Jortner J., Becker O. // Proc. Natl. Acad. Sci. USA, 2001, No. 98, p. 2188. 30. Neria E., Fischer S., Karplus M. // J. Chem. Phys., 1996, No. 105, p. 1902. 31. Snow C.D., Nguyen H., Pande V.S., Gruebele M. // Nature, 2002, No. 420, p. 102. 32. Roux B. Implicit Solvent Models. Computational biochemistry and biophysics, Marcel Dekker, 2001.

33. Michel J., Bathany K., Schmitter J.-M., Monti J.-P., Moreau S. // Tetrahedron, 2002, No. 58, p. 7975.

34. Ashish, Kishore R. // Bio. Med. Chem., 2002, No. 10, p. 4083. 35. Jang S., Shin S., Pak Y. // J. Am. Chem. Soc., 2002, No. 124, p. 4976. 36. Qiu D., Shenkin P.S., Hollinger F.P., Still W.C. // J. Phys. Chem. A, 1997, No. 101, p. 3005.

37. Feig M., Karanicolas J., Brooks III C.L. MMTSB Tool Set, MMTSB NIH Research Resource. The Scripps Research Institute, 2001.

38. Brooks B.R. et al., // J. Comp. Chem., 1983, No. 4, p. 187. 39. Nosé S. // Prog. Theor. Phys., 1991, No. 103, p. 1.

40. Allen M.P., Tildesley D.J. Computer Simulation of Liquids. Oxford, Clarendon Press, 1986.

41. Shortle D. // FASEB J., 1996, No. 10, p. 27.

42. Onuchic J.N., Luthey-Schulten Z., Wolynes P.G. // Annu. Rev. Phys. Chem., 1997, No. 48, p. 545.

43. Baumketner A., Shea J.-E. // Phys. Rev. E, 2003, No. 68, p. 051901.

Вплив типу поверхні потенціальної енергії на кінетичні властивості реакції згортання білків

А.Баумкетнер^{1,2} , Дж.-Е.Шеа^2

1 Інститут фізики конденсованих систем НАН України, 79011 Львів, вул. Свєнціцького, 1 2 Факультет хімії та біохімії,

Каліфорнійський університет Санта-Барбари, Санта-Барбара, Каліфорнія 93106

Отримано 24 березня 2004 р.

Кінетичні властивості згортання пептиду, що складається з семи амінокислот аланіне, досліджено методом молекулярної динаміки. Пептид розглянуто, використовуючи два типи неявного опису розчинника: модель, в якій діелектрична константа вважається пропорційною до відстані між атомами, і узагальнена модель Борна. Знайдено, що обидві моделі розчинника ведуть до утворення спірального стану пептиду при низьких температурах. Проте кінетичні властивості спірального переходу є різними для досліджених розчинників. Стверджується, що модель, в якій діелектрична константа вважається змінною, веде до утворення значного числа локальних мінімумів на поверхні потенціальної енергії, що в свою чергу сповільнює реакцію згортання. Показано, що характеристики узагальненої моделі Борна адекватно описують кінетичні властивості білків, спостережувані в експериментах по їх згортанню. На основі отриманих результатів робиться висновок, що узагальнена модель борна є вдалішою і більш реалістичною моделлю для опису кінетики згортання білків.

Ключові слова: флюїд, полідисперсність, пористе середовище, силікагель, інтегральні рівняння, матриця, молекулярна динаміка

PACS: 05.20.Jj, 68.43.De, 82.70.Gg